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def edges_from_osmdb(osmdb, vertex_namespace, slogs, profiledb=None):
""“generates (vertexl_label, vertex2_label, edgepayload) from osmdb"""

street_id_counter = @
street_names = {}

# for each edge in the osmdb
for i, (id, parent_id, nodel, node2, distance, geom, tags) in enumerate( ¢

# Find rise/fall of edge, if profiledb is given
rise=0
fall=0
if profiledb:
profile = profiledb.get( id )
if profile:
rise, fall = get_rise_and_fall( profile )

# insert end vertices of edge to graph
vertexl_label = "¥s-%s"%(vertex_namespace,nodel)
vertex2_label = "¥s-%s"¥%(vertex_namespace,node2)

# create ID for the way's street
street_name = tags.get("name")
if street_name is None:
street_id_counter += 1
street_id = street_id_counter
else:
if street_name not in street_names:
street_id_counter += 1
street_names[street_name] = street_id_counter
street_id = street_names[street_name]

# Create edges to be inserted into graph

sl = Street( id, distance, rise, fall )

s2 = Street( id, distance, fall, rise, reverse_of_source=True )
sl.way = street_id

s2.way = street_id

# See if the way's highway tag is penalized with a 'slog’ value; if st
slog = slogs.get( tags.get("highway") )
if slog:

sl.slog = s2.slog = slog

# Add the forward edge and the return edge if the edge is not oneway
yield vertexl_label, vertex2_label, sl

oneway = tags.get("oneway")
if oneway != "true" and oneway != "yes":
yield vertex2_label, vertexl_label, s2

Silvana Zorz
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def edges_from_osmdb(osmdb, vertex_namespace, slogs, profiledb=None): -
""“generates (vertexl_label, vertex2_label, edgepayload) from osmdb""" b dior purse

street_id_counter = @
street_names = {}

# for each edge in the osmdb
for i, (id, parent_id, nodel, node2, distance, geom, tags) in enumerate( ¢

# Find rise/fall of edge, if profiledb is given
rise=0
fall=0
if profiledb:
profile = profiledb.get( id )
if profile:
rise, fall = get_rise_and_fall( profile )

# insert end vertices of edge to graph
vertexl_label = "¥s-%s"%(vertex_namespace,nodel)
vertex2_label = "¥s-%s"%(vertex_namespace,node2)

# create ID for the way's street
street_name = tags.get("name")
if street_name is None:
street_id_counter += 1
street_id = street_id_counter
else:
if street_name not in street_names: v chanel purse
street_id_counter += 1
street_names[street_name] = street_id_counter
street_id = street_names[street_name]

# Create edges to be inserted into graph

sl = Street( id, distance, rise, fall )

s2 = Street( id, distance, fall, rise, reverse_of_source=True )
sl.way = street_id

s2.way = street_id

# See if the way's highway tag is penalized with a 'slog’ value; if s«
slog = slogs.get( tags.get("highway") )
if slog:

sl.slog = s2.slog = slog

# Add the forward edge and the return edge if the edge is not oneway
yield vertexl_label, vertex2_label, sl

oneway = tags.get(“oneway")
if oneway != "true" and oneway != "yes":
yield vertex2_label, vertexl_label, s2
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Celicna lokalizacija proteinov

Uros PetrovicC

pL*

home

enter YPL+

how to use YPL+
contact

yeast genetics group

links

yplp.uni-graz.at

Welcome to the Yeast Protein LocalizationP!US Database, YPL+.db

This image database provides information about the subcellular localization of proteins in live
yeast (Saccharomyces cerevisiae) cells, obtained by high-resolution confocal imaging. The
imaged cells are derived from the collection of GFP fusion constructs that were generated by C-
terminal chromosomal tagging (Huh et al., 2003, Nature 425, 686-691) and the collection of proteins
involved in lipid-metabolism, constructed by in vivo recombination (natter et al., 2005, Mol. Cell. Proteomics
4(5), 662-672).

Use of information provided by YPL+.db in publications should be referenced as ‘Oskolkova,
Leitner and Kohlwein, personal communication”.

Please note: as with all tagging techniques, GFP tagging may alter the function and localization
of the protein under study. Although we noted that most of the localization patterns appear to be
consistent with other available data, we provide this information ‘as is’, without any warranty for

and limitations of yeast live cell imaging.

This project is supported by:

eX=2GEN-AU

~
-/

l—l—l F Der Wissenschaftsfonds.




arodne celice
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Riccardo Bellazzi Mar 18 (1 day ago)

nome -

Thanks Blaz. We have tested the image embedder with images of oocytes of two types,
competent and not competent for development: embedding + plus random forests 96%
accuracy 10 fold-cv, expert accuracy 92%, both on gold standard (e.g. lab evaluated).
Unbelievable. What is the reference of the embedder you are using?




Data Mining
Fruitful and Fun

Open source machine learning and data
visualization for novice and expert.
Interactive data analysis workflows with a
large toolbox.

, Orange 2.7, is still available.

orange.biolab.si
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V/Secne vizualizacije
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Cross-Validation

Validating the accuracy of classifiers on the training data, as we did above, serves demonstration purposes
only. Any performance measure that assess accuracy should be estimated on the independent test set.
Such is also a procedure called , which averages performance estimates across several
runs, each time considering a different training and test subsets as sampled from the original data set:

data = Orange.data.Table("voting")

bayes = Orange.classification.bayes.NaivelLearner()

res = Orange.evaluation.testing.cross_validation([bayes], data, folds=5)
print "Accuracy: " % Orange.evaluation.scoring.CA(res) [0]

print "AUC: " % Orange.evaluation.scoring.AUC(res) [0]

Cross-validation is expecting a list of learners. The performance estimators also return a list of scores,
one for every learner. There was just one learner in the script above, hence the list of size one was used.
The script estimates classification accuracy and area under ROC curve. The later score is very high,
indicating a very good performance of naive Bayesian learner on senate voting data set:

Accuracy: 0.90
AUC: 0.97
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vizualno programiranje

SGI Data Explorer

AtomiocSurf a [ LatToGeom

GenarateColormap

Ty | e |

Flle Edit Viewing Editors Manips Lights

=

LY T LA R
0 4 8 12 16

Color Space Edit Mode

?
£
4
£
&

H-S-V Move

= s

o

v

Color Band Outpun?
Saturation RUN

Man Domain  Max Domain
0.000 16.00




Y % Qt Orange Canvas - [Schema 1] B4 Ot Classification Tree Viewer
[) Eile Options Window Help =& x|

General |Tree Node ‘
Data ‘Classrf“,' |Associate ‘ Evaluate |‘v’|suallze |Genomics | Other |

Node Width
— i— 5

Show Info On
[V Majority Class

™ Majority Class Probability
I Target Class Probability

: [V Number of Instances
Node Color
(¢ Default
‘ " Instances in Node
Classffication Tree Classffication Tree View m Qt Scatterplot
O General | Settings }
X axis attribute
sepal length v

Y axis attribute
sepal width

Color attribute
™ Show color legend

ns

sepal width

Shape attribute

VizRank optimization dialog

Zool elect

gl =
55 6 6.5
sepal length

© ins=Iis-setosa < inis=lIris-versicolor ins=Iris-virginica

1990




(b) Rk

L Heal Map

alling: et rfo

Thieshoid Vabes
vV Enabled
Low

High

Menge

Hows

[ Maitain anay height




Miha Stajdohar

glavni programer

Ales Erjavec




preobleka

Orange Data Mining

7] pata

2 | Visualize
] Klikni levo v uhlju in povleci ter rﬁ Classlfy
Annotations spusti gumb in nato izberi widget &% Regression

v
Linear k Nearest Earth/Mars
ey Regression | Neighbo...

Linear Regression

X k Nearest Neighbour

Random
Earth/Mars Hover state Foreet...

SVM Regression

Regresssion Tree ﬂf

Random Forest Regression
) Pade
Regression Tree Graph On click state

0
pade B Evaluate

Wl Unsupervized
[

Search for widget or select from list

o
Assoclate

BloIinformatics

e

Text Mining

[
TE T T

(Do # T /0




celostna

Agnieszka Rovsnik
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Apply by March 25th to:
SummerOfCode WithGoogle.com
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video kanal

V(1] Tube orange data mining

Getting Started with Orange 01: Welcome to Orange
0/0)

Orange Data Mining

Subscribed

12,939 views

Ajda Pretnar

1990 2000
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500.000 programskin vrstic

Cez 1000 obiskovalcev spletne strani dnevno (40% download)
veC kot 40 aktivnih razvijalcev

tedenski blog

youtube kanal

twitter, facebook, stackoverflow

uporabniki vseh strok (humanisti, fiziki, ekonomisti)

omenjen na vseh “best of data mining” seznamih

najbrz najboljSe orodje za uvajanje v znanost o podatkih




John Gorman @jp_gorman - Apr 4
Spent my morning reviewing Ireland's HospitalWaitingList data
from #NTPF using Orange orange.biolab.si #SuperintuitiveUX

% Veeresh @veereshelango - Mar 25
, @0rangeDataMiner | loved this tool. The tutorials are well
structured and easy as pie &

Maia Majumder @maiamajumder - Mar 1

Replying to @maiamajumder

| personally started out on @0rangeDataMiner. | love it & still
use it, because it allows you to visualize your data AND your

narrative. 7/N

Pradeep K Paijwar @paijw

RT @Orange DataMiner: [Qcodlng #Al #DataScience
#datamining] Orange Ul allows you to focus on exploratory
#dataanalysis instead of coding...

2ndQuadrant Postgres @2ndQuad - Jan 23

Want informative visualizations of your data? Learn how
#2UDA brings together #PostgreSQL & Orange Data Mining -
youtu.be/_fCqxiXQVis
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