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name exercise

LR ~

(o

Irena

Jure

—

Tjasa
Bostjan
Helena
Matej
Alenka

Gregor

—_—

Polona

2 © O N B BN - @

=

v
Cacn

%] 30 [ 3030

Polynomial Classification
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Jason Salavon
American, born 1970

Little Infinity (v.MFAH), 2020
Site-specific wallpaper

Mauseum commission funded by the Caroline Wiess
Law Accessions Endowment Fund, 2020. 141

Using software he designed, Jason Salavon has
pulled nearly a quarter million images from
the ImageNet dataset, a picture collection
used by researchers and corporations to train
artificial intelligence systems. By sampling each
of the dataset’s 20,000 categories and arranging
those images from darkest to lightest within
each category, Salavon presents a cascade of
photographs suggesting the flood of imagery
chat inundates our daily lives. Exposing
ImageNet’s odd inclusions and notable absences
in each category, Liztle Infinity (v. MFAH)
poses essential questions abput the nature of
images and the ways in which they sway any
understanding of the world.
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AlexNet (Alex Krizhevsky, llya Sutskever, and Geoffrey Hinton)
60 million parameters
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layers of NN
numbpers




image name
hidden

1 pogacarjeva...
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embedding into a vector space

nd
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image

Title Attribute
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Image Size

Image Viewer
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words - n-grams - neural network - classitication
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She added a banana to her morning smoothie.



Generative Al and LLM

e Context

 Encoding of context (sequence of tokens)

 (lterative) output prediction (sequence of tokens)



Polynomial Classification
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hat's 1,760,000,000,000!

exercise

-15.6

1

1.64
sleep 164

Our swimming model
had 3 parameters!

GPT-3.5 has 175
billion parameters!

GPT-4 has 1.76 trillion
parameters!



ChatGPT

A chat bot that uses trained LLM for text
generation

e Not an Al

e |[t's web-based interface is usetul but rather very

imited, the more interesting things to come are
underneath
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just numbers
let us see if they are useful



