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Non-Negative Matrix Factorization
latent

t

Ii
It

2 0

p tIat
win HV WHlI e

s cbj to
w z o
V Z O

Nofue1991



unletplicolive update mas

Y I Twedee initialize Witt
eotentuation

repeat
HEY Hey

wTVI update rules

WTWHtijylu
tecyeuoeweijs

we.jo kHI
2 MEEE c

WHAT



o
pigeon

0

o

O

Oh was
r p

i
i

O
O

O k

poor
cuter

pontotoc



Matrix Tri-Factorization
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Autoencoders
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Variational Autoencoders
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