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Components Selection
Components: 2 ||
Explained variance: 47% |

Options

Normalize variables
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Apply Automatically

Proportion of variance
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SOM

Hexagonal grid
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V| Set dimensions automatically

Initialize with PCA
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v Size by number of instances

[ NON ] Data Table
type name Group hair=1 feathers=1
1 [mammal  dolphin 61 0 0
2 [mammal  porpoise 61 0 0
3 mammal seal 61 1 0
4 mammal  sealion G1 1 0
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